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Abstract

This dissertation examines how historical events shape long-term socio-political and eco-
nomic outcomes, focusing on memory, gender, and human capital formation. I use di�erent
historical shocks in quasi-natural experimental settings and apply state-of-the-art empirical
methods to investigate the impact of war, memory, and geography on political behavior and
economic development.

The �rst study asks whether family or collective memory plays a greater role in shaping
political preferences. Using the case of Armenia it shows that both family memory and
collective remembrance of perceived Russian \betrayals"|during World War I and again in
2020|continue to in
uence contemporary voting behavior. The second study asks how large-
scale war a�ects gendered political behavior. It focuses on interwar Austria and examines the
impact of World War I casualties. The �ndings show that war losses led to increased political
engagement among women and contributed to long-term ideological shifts. The third study
explores whether geographic variation in mortality drives human capital investment; focusing
on 19th-century Armenia, it �nds that areas with lower mortality rates experienced higher
educational attainment and early demographic transitions. Together, these studies highlight
the persistent in
uence of historical shocks on societies and contribute to research in economic
history, political economy, and development.
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General Introduction

Societies are often deeply in
uenced by wars, political alliances and betrayals, demographic
shifts, and geographic constraints. My dissertation asks how these historical events leave
long-lasting imprints on individual behavior, institutional trust, political preferences, and
development paths. By focusing on di�erent historical contexts|ranging from Russian be-
trayal during wars, to the societal upheaval that followed World War I (WWI), to the geo-
graphical determinants of mortality in the 19th century|this dissertation investigates how
historical shocks and adverse periods a�ect subsequent socio-economic outcomes, including
their impact today. Each chapter employs rigorous empirical strategies and draws on newly
digitized historical data, to examine how past experiences inform contemporary behavior at
both individual and community levels. Collectively, these studies contribute to the grow-
ing literature on historical persistence, political economy, and the determinants of long-run
development.

The �rst chapter analyzes the role of historical memory|both familial and collective|in
shaping political behavior. Memory, though intangible, is a powerful force in shaping politi-
cal attitudes and choices. Drawing on two key episodes in Armenian history|Russia's failure
to support Armenians during WWI and again during the 2020 Nagorno-Karabakh War|this
chapter investigates how memories of betrayal in
uence voting behavior in modern-day Ar-
menia. In both instances, Armenians expected military support from their ally Russia, only
to be abandoned at critical moments. These events have become part of the national nar-
rative, and they also operate at a personal level through family stories of trauma and loss.
By exploiting the activation of historical memories triggered by the 2020 war, this study
isolates the e�ects of family remembrance (traced through surname-based identi�cation of
the descendants of genocide survivors) and collective remembrance (proxied by Soviet-era
renaming of localities to commemorate lost Armenian towns).

Using a di�erence-in-di�erences approach, the analysis shows that, after the 2020 war, both
family memory and collective remembrance are associated with a signi�cant decline in sup-
port for pro-Russian political parties. However, the mechanisms di�er: family memory leads
to reduced support through traumatic recall, while collective memory fosters political change
via increased social capital and civic engagement. Only in collective memory localities does
voter turnout rise, indicating a community-level mobilization around shared historical nar-
ratives. The study further shows that these patterns are not driven by selective migration,
strategic campaigning, or other confounding factors. This chapter o�ers a rare empirical
distinction between the roles of family memory and collective remembrance and contributes
to the literature on political behavior, trust, social capital, and the economic consequences
of historical narratives.

The second chapter (coauthored with Christian Ochsner and Monika K•oppl-Turyna) inves-
tigates the gendered political consequences of war, with a focus on interwar Austria. The
collapse of the Habsburg Empire and the devastating e�ects of WWI left Austrian society
in a state of disarray, with high casualties, political polarization, and a fragile national iden-
tity. Using Austria's unique voting system between 1919 and 1931, which recorded electoral
participation and party preferences separately for men and women, this chapter examines
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how war casualties a�ected political behavior along gender lines. The data reveal that in
municipalities with higher wartime fatalities, women's turnout in national elections increased
signi�cantly relative to men's, but no such e�ect was observed in local elections. This sug-
gests that women were particularly motivated to engage in politics at the national level,
possibly in response to questions of state legitimacy and national direction.

More strikingly, this increased participation was initially channeled into higher support for
pan-German parties, which sought Austria's annexation to Germany and espoused extreme
ethnic German ideology. These results challenge the traditional notion of women as conser-
vative or status-quo voters and instead point to a more complex relationship between the
degree to which a voter was a�ected by war and issues of national identity and political
extremism. Over time, however, support for pan-German parties declined among women,
indicating a potential shift in political preferences as the immediate e�ects of the war faded.
The �ndings underscore the importance of considering gender in studies of post-war political
behavior and demonstrate that wars do not only disrupt economies and kill soldiers|they
also reshape the political landscape in gender-speci�c ways. This study expands existing re-
search on con
ict and political engagement by o�ering novel insights into the role of women
in nation-building and the erosion of democratic institutions in post-con
ict societies.

Chapter two is a joint work with Christian Ochsner and Monika K•oppl-Turyna. I was respon-
sible for merging and compiling the primary dataset used in this chapter. Monika provided
the geocoded list of casualties, which I cleaned further. She also contributed additional data
for robustness checks and mechanisms. Christian coordinated the digitization steps and
developed the core econometric and historical framework. I conducted multiple rounds of
regression analysis, with Christian and Monika collaboratively agreeing on the �nal speci-
�cations. I wrote the initial draft of subsections 2-5, which Christian and Monika revised.
The introduction was a joint e�ort. Christian led the drafting of the initial and �nal versions
of the manuscript, and we carried out subsequent revisions jointly.

The �nal chapter (coauthored with David Gomtsyan and �Eric Roca Fern�andez) investigates
the impact of geographic determinants of mortality on human capital investment in 19th-
century Armenia. Using digitized archival census and parish records from a period of limited
medical technology and low urbanization, the study explores how altitude-induced varia-
tion in disease environments a�ected mortality rates and, consequently, household decisions
regarding fertility and education. Using newly digitized census and parish records encom-
passing over 22,000 individuals, the study reveals that higher-altitude regions|associated
with lower disease prevalence and mortality|exhibited greater educational investment and
underwent a fertility transition, shifting from high fertility to a focus on child quality. These
�ndings o�er empirical support for uni�ed growth models that link life expectancy to human
capital accumulation and economic development. Importantly, the study rules out increased
female autonomy as a key driver and underscores the role of exogenous geographic factors
in shaping long-term developmental trajectories. This research adds to the literature on
geography and development by demonstrating how seemingly static geographic features can
have dynamic, long-lasting impacts on human capital formation and demographic change.

Chapter three is a joint work with David Gomtsyan and�Eric Roca Fern�andez. I was respon-
sible for collecting and digitizing the primary dataset used in this chapter. David developed
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the core econometric and historical framework and contributed additional data for robust-
ness checks. I conducted multiple rounds of regression analysis, with the �nal speci�cations
agreed upon collaboratively with David and�Eric. �Eric contextualized the paper within the
broader economic literature and performed several robustness checks. David led the draft-
ing of the initial version, while �Eric took the lead in preparing the �nal manuscript. The
subsequent revisions were carried out jointly by all three of us.

Together, these three chapters underscore the profound in
uence of historical events on
modern-day behaviors and institutional outcomes. By employing a variety of empirical
strategies|including di�erence-in-di�erences, archival data analysis, and innovative proxies
for memory and mortality|the dissertation highlights both the direct and indirect channels
through which historical shocks continue to shape societies. Thematically, the chapters
address the interplay between historical experience and political behavior, the gendered
consequences of war, and the role of geography in economic development. Methodologically,
the work exempli�es how historical data can be used to answer contemporary economic
questions, enriching both theory and empirical understanding.

This research makes several key contributions. First, it advances the literature on historical
persistence by providing evidence that the mode of memory transmission|whether familial
or collective|matters for political outcomes. Second, it contributes to the �eld of gender
economics and political economy, revealing how war catalyzes gendered political engage-
ment and reshapes state-society relations. Third, it o�ers novel empirical support for uni�ed
growth theories by linking geographic determinants of mortality to human capital invest-
ments and fertility transitions in a pre-industrial context.

By integrating historical data with modern econometric methods, this dissertation demon-
strates that the past is not merely a backdrop to current events but an active force shaping
contemporary economic and political landscapes. Understanding these long-run in
uences
is crucial for both scholars and policymakers, especially in societies grappling with the lega-
cies of con
ict, trauma, and underdevelopment. The �ndings suggest that policies aimed at
reconciliation, development, and state-building must account for the deep-rooted historical
narratives and geographic realities that continue to shape human behavior today.

3
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Chapter 1

Collective vs. Family Remembrance:
Evidence from Two Russian
\Betrayal" Policies

1.1 Introduction

The past resonates with the choices of the present. It is well known that memories and

stories are important for group identity, coordination, and action.1 Sociological and an-

thropological studies discuss behavioral implications of human memory (Halbwachs, 1973;

Wagoner, 2018). Recent economic research documents how historical narratives and mem-

ories shape human behavior (Cantoni et al., 2020; Arbatli and Gomtsyan, 2019; Fouka and

Voth, 2022; Ochsner and Roesel, 2024; Grossmann et al., 2024). However, most empirical

studies consider remembrance as a \black box" and do not clarify how memories are formed

and transferred and whether they a�ect the choices made by agents. When memories of a

historical event are transmitted by ancestors who personally experienced it, the emotional

intensity is much stronger, i.e., the memories of ancestors are often perceived as a part of

one's own personal history.2 In the case of collective transmission the emotional impact is

less intense, more abstract, and less connected to personal identity.3 Behavioral di�erences

1B�enabou and Tirole (2011) develop a model showing that identity investments are easily a�ected by
minor manipulations of salience and attention, Bordalo et al. (2016) present a model of stereotypes and show
when they cause belief distortions, Michalopoulos and Xue (2021) illustrate the impact of folklore on gender
roles, risk attitude, and trust.

2Psychological and economic literature argues that trauma experienced by one generation can a�ect
the psychological and emotional state and behavior of subsequent generations (Gutsell and Inzlicht, 2010;
LaCapra, 2014; Alsan and Wanamaker, 2018; Yehuda and Lehrner, 2018).

3Social scientists discuss how societies shape and are shaped by their collective memories, emphasizing
the role of education and public commemorations (Zerubavel, 2003; Assmann, 2011).
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could be anticipated based on the mode of memory transmission, though this distinction

remains largely unexplored in the existing empirical research.

To address the open question of whether remembrance by one's community or story-telling

within families is formative for recall and action, an ideal experiment would randomly allocate

individuals into families where story-telling about the past happens or into environments that

remind individuals about the past. To the best of my knowledge, such settings have not been

explored, and implementing an experimental design for this purpose would raise signi�cant

ethical concerns. However, two historical episodes from Armenian history provide a context

that resembles the features of such a setting.

I study Armenian-Russian relations during World War I (WWI) and the recent Nagorno-

Karabakh War (2020). In both episodes, Armenians perceived Russia as the main guarantor

of their security. Russian troops initially gained control over Eastern Anatolia from the

Ottoman Empire with the help of Ottoman Armenians.4 The Ottoman troops raped, killed,

and kidnapped most of the Armenian population starting in 1915 to quash Armenian sup-

port for the Russian troops. These brutal events continued when Russian troops withdrew

unexpectedly from the Ottoman Empire after the Revolution in 1917, leaving local Arme-

nians without military protection. This allowed the murder and other related deaths of 1.5

million Armenians in the Ottoman Empire by Ottomans, an event referred to as the Arme-

nian Genocide (1915-1920). As one of the in
uential Armenian political newspapers (Mshak,

1917) of that time wrote:

\[...] Russian social democracy is sacri�cing a whole nation that had the

naivety to trust Russia in the belief that it would save it from the centuries-old

tyranny of the Sultans."

Following the end of WWI, cooperation between Russia and Turkey (known as a Lenin-

Ataturk plan) dashed any hopes Armenians had of establishing joint autonomous Arme-

nia. Under the terms of this agreement, Lenin returned the Western Armenian territories

that Russian forces had initially gained to Turkey, and Russia sovietized Eastern Armenia

(Nazaro�, 1922).

Around 300,000 Ottoman Armenians who survived the genocide resettled in Eastern Ar-

menia (modern-day Armenia), carrying with them the traumatic memories of the Russian

\betrayal" policy. 5 This �rst \betrayal" policy of Russia has similarities to the Nagorno-

4In search of allies against the Turks, the Tsar visited the Caucasus front on December 30, 1914, telling
the head of the Armenian Church that \a most brilliant future awaits the Armenians" (Hovannisian, 1969;
Grabill, 1971).

5Modern-day Armenia is usually referred to as East Armenia, which includes the territories of historical
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Karabakh war in 2020 when Russia once again did not help Armenia despite being its o�cial

ally.6 According to a Gallup International survey conducted during the war, approximately

80% of respondents anticipated that Russia would provide military support to Armenia

(Gallup, 2020). However, Armenia lost the war, facing what many Armenians perceive as

a repeated \betrayal" policy by Russia.7 For descendants of genocide survivors, this con-

stitutes a second profound betrayal mirroring the experiences their grandparents endured a

century ago.

The setting of activated memories allows me to disentangle family memory and collective

remembrance of Russian \betrayal" policies. I rely on activation because it enhances the

salience of memories, making them more vivid and immediate. Without activation, family

memories could potentially merge into collective memories as discussed in the psychological

literature (Halbwachs, 1973; Hirst and Manier, 2008). First, I trace the initial resettlement

locations of genocide survivors (dummy treatment). Then, due to the distinctive spelling

rules of Ottoman Armenian surnames (e.g., \ean" is a typical ending of a Western (Ottoman)

Armenian surname, while \yan" is typical for Eastern Armenian), I identify the locations

where the descendants of genocide survivors currently live (continuous treatment). Those

locations in modern-day Armenia are exposed to Russia's \betrayal" policy through family

remembrance. Family memory relies on individual family stories and past experiences of

ancestors, which are transmitted intergenerationally (Wagoner, 2018). I show that sorting

into settlement localities was arguably exogenous, based on anecdotal evidence of how chaotic

and haphazard the resettlement was (Hovannisian, 1971) and the balance check of pre-

settlement control variables.

I de�ne localities with a collective memory of the Russian \betrayal" policy based on the

arbitrary renaming of these places. As argued by (Halbwachs, 1973), place names contribute

to the formation of collective memory alongside rituals, local stories, historical teachings,

local symbols, and monuments. Notably, a number of localities in modern-day Armenia are

named after places lost in the Ottoman Empire where Armenians lived before the genocide.

Most of the renaming of Armenian localities occurred during the Soviet period in the 1940s,

Armenia in the Russian Empire and does not include the territories that lay in the Ottoman Empire.
6Russia has a military presence in Armenia today. Armenia and Russia signed a Treaty on Friendship,

Cooperation, and Mutual Assistance in 1997 at the governmental, ministerial, and agency levels.
7The term \betrayal" is used here to describe a situation where one party (Armenia) expected another

party (Russia) to act in their best interest based on formal alliances and historical ties. Betrayal occurs
when latter party instead acts opportunistically, and prioritizes its own interests over the expected support
or loyalty (Elangovan and Shapiro, 1998; Bigley and Pearce, 1998), thereby violating the trust of the former.
In both World War I and the 2020 Nagorno-Karabakh War, Armenians perceived Russia's failure to provide
anticipated support as a \betrayal" policy, given Russia's strategic choices that left Armenia vulnerable
despite expectations of assistance.
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a process that was highly centralized and controlled by Soviet authorities and did not cor-

relate with the resettlement patterns of genocide survivors (Saparov, 2003). In addition to

common names, some localities were renamed using the principle of \New + old name in

the Ottoman Empire" (e.g., New Yerznka) or simply retained their \Old name in the Ot-

toman Empire" (e.g., Ayntap).8 A balance check of locality characteristics indicates that

places with Ottoman names are not signi�cantly di�erent from those with more common

Armenian names in terms of geographical and socio-economic features. I demonstrate that

the Ottoman Armenian names of localities foster a collective memory of Russian \betrayal"

policies through oral communication and memorial practices, thereby heighten historical

consciousness.

Figure 1.1a shows that localities in Armenia can be divided into four di�erent types: places

with little-to-no remembrance of Russian \betrayal" policies (N = 690), places with collec-

tive remembrance (N = 84), places with family memory (N = 93), and places with both

types of memories (N = 24).

[Figure 1.1 about here]

I use voting patterns to see whether family or collective remembrance of past events is more

formative. In modern-day Armenia, political parties can be categorized into two camps based

on their foreign policy orientation: pro-Russian and pro-European. Pro-Russian parties

regard Russia as the primary guarantor of Armenia's military security and support Armenia's

membership in the Eurasian Economic Union. In contrast, pro-European parties advocate

for Armenia's accession to the European Union and favor reliance on European military

support.

I compare localities with family and collective remembrance of Russian \betrayal" policies

with localities without strong \betrayal" memory before and after the 2020 war in terms

of pro-Russian party voting. Family memory relates to the loss of ancestors' lives, whereas

collective remembrance relates to national su�ering in general without any personal exposure

to trauma. Thus, one would expect these di�erent types of remembrance of \betrayal" could

a�ect pro-Russian party voting di�erently.

I show that, when echoes of historical events reverberate, voters are reminded of the history

and this impacts their votes. Figure 1.1b illustrates that places with family and collective

memory voted similarly to those without memory for pro-Russian parties before the war

in 2020. However, after memories of \betrayal" policy were activated, those places show a

larger decrease in pro-Russian party voting compared to places without such memories.

8Yerznka and Ayntap were Armenian localities in what became Turkey after 1923.
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I estimate a di�erence-in-di�erences (DiD) model of pro-Russian party voting across family

memory and collective remembrance places. The analysis reveals that, during parliamen-

tary elections before the war, voters with family memory and collective remembrance voted

for pro-Russian parties at similar rate to those without such memories and remembrance,

indicating a parallel pre-trend. However, after the war, these voters show a decrease in

support for pro-Russian parties by approximately 3.0 percentage points compared to those

without \betrayal" memories. This change is signi�cant, given that the average vote share

for pro-Russian parties after the war is 34%, amounting to a relative decrease of around 9%.

The e�ect size is comparable for both types of memories, with no additional e�ect observed

when the two types of memories interact. So, localities in the collective memory group,

which were not directly exposed to Russian \betrayal" policies either geographically or via

residents living there, have an equally sizeable negative e�ect for pro-Russian party voting

as family memory localities where individuals su�ered from the loss of ancestral lives. Thus,

even without any direct exposure, historical narratives embedded in collective memory and

transferred solely by place names generate the same e�ect as the direct exposure of one's

ancestors.

I examine whether the underlying mechanism di�ers for collective and family memories.

Even though both types of memories decrease pro-Russian party voting, only collective

memory motivates higher turnout rates (1.8 percentage points). Based on the turnout rates

of relocated voters, I also �nd evidence that when voters move to a collective remembrance

place, they are more likely to go to the polling stations to vote. In contrast, moving to family

memory places does not change these voters' turnout. This indicates that family memory

is in the \head" while collective remembrance is in the \shared environment". I also show

that voters in family memory places have less trust towards towards state institutions and

towards outsiders/people in general. They tend to live in localities with higher family ties

(proxied by surname diversity) than those with collective memory. The context analysis of

commemoration texts and family stories indicates a signi�cant disparity between family and

collective narratives, with family stories predominantly portraying personal tragedies and

collective commemoration texts focusing more on positive and forward-looking messages

for nation-building. All these factors support the hypothesis that collective memory acts

through social capital, while family memory is more traumatic and is more often expressed

as a shift from pro-Russian parties to pro-European.

I provide evidence against several concerns that might be thought to explain the results.

In particular, I exclude that results are driven by voters with family memory choosing to

live in collective memory places. I also show that the presence of residents with family
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memory does not predict the collective memory renaming of the locality. The results are

robust to alternative de�nitions of collective and family memory, as well as to the timing of

activation, matching, and entropy balancing. I also exclude strategic campaigning as a trigger

of memory activation by studying the spatial distribution of party posters during pre-election

campaigns. This shows that memory activation was clearly demand-driven. Heterogeneity

analysis indicates stronger collective memory e�ects in small and catchily-named (starting

with \New") places.

Survey data shows that willingness to do business with Russians or willingness to marry

Russians are not a�ected by any type of memory. However, the probability of Russia being

considered a \main friend country" decreases with family memory of the \betrayal" policy.9

I suggest that anti-Russian sentiments are more against the state of Russia than they are

against the Russian people. This makes anti-Russian sentiments strongly political and gen-

erally does not translate into a broader context. However, analysis of schooling outcomes

shows that schoolchildren's behavior is expressed in the same direction as their parents in

terms of anti-Russian sentiments in collective remembrance places.

This research builds on the theoretical models of remembrance and signaling on under- or

over-reaction (Kahneman et al., 1982; Esteban and Ray, 2008; Bordalo et al., 2016) and

contributes to the literature that documents empirical evidence on the links between history

and current outcomes (Acharya et al., 2016; Cantoni et al., 2020; Arbatli and Gomtsyan,

2019; Ochsner and Roesel, 2020; Dinas et al., 2021; Fouka and Voth, 2022; Williams, 2022;

Arbatl� and Gokmen, 2023; Ochsner and Roesel, 2024; Grossmann et al., 2024; B•uhler and

Madestam, 2024). However, in this study, I decouple the e�ect of family remembrance from

collective remembrance. This contrasts with previous research, where these two types of

memories have either not been studied in the same context or have overlapped in ways that

obscure how memories are transmitted, in the sense that both place and ancestors were

directly exposed to the past event.10

This study contributes to the literature on historical legacies with non-persistent e�ects,

activated only under speci�c shocks to make the history salient (Fisman et al., 2014; Fouka

9In the Caucasus Barometer survey, people are asked \In your opinion, what is the main friend country
of Armenia?"

10Dinas et al. (2021) combine historical and survey data with an experimental manipulation to show that
family history of displacement increases sympathy for refugees. The e�ect is also present among those without
a family history of forced migration who live in places with many refugees. However, this demonstrates the
impact of family history spillover (often called collectedmemory) because those residing alongside refugees did
not themselves su�er as a group. In the context of my research, people living in collective remembrance places
are reminded of their nation's su�ering. Moreover, my research is based more on institutional communication
than on peer communication.
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and Voth, 2022; Ochsner and Roesel, 2024), as opposed to work documenting lasting, per-

manent in
uences (Alesina and Fuchs-Sch•undeln, 2007; Voigtl•ander and Voth, 2012; Becker

et al., 2016). Moreover, in this study, the activation context is studied from a new angle

as a precondition for disentangling family and collective memories. I also contribute to the

literature that connects naming with political views (Dal B�o et al., 2009; Arbatli and Gomt-

syan, 2019; Williams, 2022), national identity (Kersting and Wolf, 2021; Jurajda and Kova�c,

2021), labor market outcomes (Williams, 2021), and social mobility (Clark and Cummins,

2014; Olivetti and Paserman, 2015). However, the majority of the previous research treats

naming as an outcome variable. Oto-Peral��as (2018) documents some correlational evidence

on how street naming a�ects the social and cultural characteristics of Spanish municipali-

ties. My research documents causal evidence on how the naming of localities can activate

collective remembrance and shape the political preferences of voters even when the residents

of renamed places do not have any personal ties to the historical event.

My research contributes to the existing literature on the economic consequences of wars,

con
icts, and hostile events (see Blattman and Miguel (2010); Rohner and Thoenig (2021);

Munroe et al. (2023) for reviews). This body of work primarily addresses the direct material

losses resulting from con
icts and provides limited evidence on the impact of wars on social

structures.11 My study extends this literature by documenting the intangible e�ects of war-

triggered memories rather than direct war exposure.

My research also contributes to the social capital and trust literature (Alesina and La Ferrara,

2002; Tabellini, 2010; Nunn and Wantchekon, 2011; Besley and Reynal-Querol, 2014; Bracco

et al., 2015; Mikula et al., 2023; Ramos-Toro, 2023) by illustrating how narratives alter the

social fabric of societies, subsequently in
uencing political preferences. This study also adds

to the literature on how traumatic events can durably alter �nancial (Malmendier and Shen,

2024; Arthi et al., 2024) and health (Alsan and Wanamaker, 2018; Archibong and Annan,

2021) outcomes by documenting an activated e�ect of intergenerational traumatic recall on

political preferences.

Furthermore, this study broadens the economic literature on betrayal aversion (Bohnet and

Zeckhauser, 2004; Bohnet et al., 2008), which demonstrates how the potential for betrayal

in
uences decision-making behavior. While previous research has primarily focused on inter-

personal betrayal, my study provides new empirical evidence on the perception of repeated

\betrayal" policies by a country.

11Bauer et al. (2014) provide evidence on how children in Georgia, shortly after the Russia-Georgia war,
expressed egalitarian motivations toward their in-group. Henrich et al. (2019) show that war exposure
increases people's religiosity.
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Lastly, I also contribute to the literature on voting by showing that historical or quasi-

experimental di�erences in long-past history are novel triggers for political preferences in

addition to exposure to media (Gentzkow, 2006; DellaVigna and Kaplan, 2007; DellaVigna

et al., 2014), and political protests (Madestam et al., 2013). The magnitude of my results

aligns closely with those reported in existing literature.

The remainder of this chapter is as follows. Section 1.2 provides a historical overview. Section

1.3 introduces the data and de�nition of variables. Section 1.4 introduces the identi�cation

strategy. Section 1.5 shows the results of voting outcomes. Section 1.6 adds robustness

exercises, including alternative de�nitions of treatment. Section 1.7 discusses the di�erential

mechanisms of collective and family memories. Section 1.8 concludes.

1.2 Historical Background

I investigate how the activated memories of the Russian \betrayal" policy in
uence anti-

Russian sentiments. I describe two episodes of Armenian history separated by one hundred

years. I illustrate how these two events are similar and why the second event could have

activated the memories of the �rst one.

1.2.1 The First Russian \Betrayal" Policy and its Consequences

in the Early 20th Century

WWI. I focus on present-day Armenia in the South Caucasus. Before WWI, Armenia

was divided between the Russian and Ottoman Empires. During WWI, Armenians in the

Ottoman Empire supported Russian troops, in the expectation that, after the war, the

Russian Empire would establish an autonomous Armenian state in certain territories of

Turkey and Russia. As Hovannisian (1969) mentions,\Armenians are hurrying to enter

the ranks of the glorious Russian Army [...] Let the Armenian people of Turkey who have

su�ered for the faith of Christ receive resurrection for a new free life under the protection

of Russia." This, naturally, sharpened anti-Armenian sentiments in the Ottoman Empire.12

During WWI, the Ottoman Empire passed a Law of Deportation. The goal of the law

was to prevent Armenians from supporting Russian troops who were �ghting against the

Ottoman Empire on the Eastern Front. However, in practice, the deportation involved mass

12In 1914, both Ottoman and Russian authorities sent representatives to the main leaders of the Ottoman
Armenian community to appeal for Armenian support during WWI. In the end, Armenians ultimately
decided to support Russian forces, considering Russia their liberator because Russian o�cials, including the
Foreign Minister Sergey Sazonov, made promises of autonomy to Armenian representatives (Hovannisian,
1971).
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expulsions and killings of the Armenian community in the Ottoman Empire. Death marches

and killings became even more extensive after Russian troops unexpectedly abandoned the

Ottoman Empire in response to the February Revolution in the Russian Empire and the

political instability that followed. The ethnic cleansing is commonly referred to as the

Armenian Genocide (1915-1920).13

The Armenian Genocide Museum has collected individual stories of genocide survivors. Most

of them are descriptions of forced marches and killings of relatives. 18 (41%) out of 44

published stories also mention the retreat of Russian troops.14 For example, the son of a

genocide survivor recalls his father's story on how Russian troops were retreating during

WWI and what the situation was like in his city:

\Life had already started to recover in Bayazet. They wanted to reopen the

school when news came that the Russians were retreating [...] I have no language

to describe our situation [...] Retreating soldiers, tens of thousands of people and

horses, cows, bu�aloes, sheep, and the noise naturally produced by them who has

lost his cow, who has lost his calf, who has lost his child or a relative."

Another story recalled by children of a genocide survivor describes how Armenians in the

Ottoman Empire were expecting Russian troops to save them:

\My ninety-year-old grandfather was killed in front of my eyes. From morning

until sunset, shots were constantly heard from all quarters of the village. [...] The

only hope for salvation was the arrival of the Russian army but it was not there.

People say it is far away."

The role of Russian policy during WWI is also intensively discussed in Armenian media. For

example, one of the most in
uential political newspapers (Mshak, 1917) of that time writes:

\[...] Russian social democracy is sacri�cing a whole nation that had the

naivety to trust Russia in the belief that it would save it from the centuries-old

tyranny of the Sultans."

These examples demonstrate that Armenians in the Ottoman Empire relied on Russian troop

support. However, their expectations were not met, leading to the widespread perception a

of Russian \betrayal" policy.

Resettlement. Many Armenians managed to evade the genocide and escaped to Eastern

13O�cially, 31 countries recognized these events as genocide; source:https://www.armenian-genocide.
org/recognition_countries.html

14Source: http://www.genocide-museum.am/arm/personal_histories.php .
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Armenia (modern-day Armenia). According to Hovannisian (1971), about 200,000-300,000

genocide survivors resettled, amounting to around 30% of the Armenian population at that

time (Korkotyan, 1932). Eastern Armenia was facing security, food shortage, and pandemic

crisis. Hence, resettlement of survivors was not carefully planned or organized. After the

end of WWI, the Treaty of S�evres was signed in 1920. According to this treaty, 90,000

km2 territory from the Ottoman Empire (the Western part of historical Armenia where the

Armenian Genocide took place) should have been annexed to Eastern Armenia (the part

in the Russian Empire) to establish an independent Armenian state. However, Lenin and

Ataturk's cooperation led to the Treaty of S�evres being frozen and replaced by the Moscow

Treaty, 15 under which Western Armenia remained under Turkish control. In 1922, Eastern

Armenia was annexed by the Red Army and became a part of the Soviet Union.

Locality renaming. In 1922, shortly after the resettlement of genocide survivors, 58.2%

of Soviet Armenian localities had Turkish names, because, from the 15th century, many

Eastern Armenian localities were inhabited by nomadic Turkish tribes,16 who also changed

Armenian locality names to Turkish ones. However, the Soviet system did not accept these

Turkish names, because most were religious in nature (e.g., Molla), and there were many

villages with the same name, which complicated postal services (Saparov, 2003). As a result,

the Soviet Union initiated a centralized place-naming policy, which was carried out in several

stages (Figure 1.A.1). The naming was highly centralized and went through 4 stages from the

Geographic Commission of the Armenian Academy of Science to the Presidium of the Union

of Soviet Socialist Republics (USSR) Supreme Soviet (Figure 1.A.2). This procedure suggests

that local residents had essentially little to no role in deciding the name of their locality.

There are several instances in which villagers attempted to rename their villages to re
ect

their ancestral heritage from Western (Ottoman) Armenia, but these attempts often failed

for various reasons, including political and administrative barriers. The new names given to

Armenian localities were mostly standard \neutral names" that, with a literal translation,

would mean garden, water, forest, etc. However, some of them were given names of localities

in the Ottoman Empire that were lost after the genocide. The Ottoman Armenian locality

names were retrieved either by \New + old name in the Ottoman Empire" principal (e.g.,

New Kharberd, New Yerznka, New Hajn) or \Old name in the Ottoman Empire" (e.g.,

Sasun, Ayntap). After Armenian independence in 1991, there were still 128 (14%) localities

with Turkish names that were renamed in a similar centralized way based on the decision of a

15The Treaty of Moscow, or Treaty of Brotherhood, was an agreement between the Grand National
Assembly of Turkey, under the leadership of Mustafa Kemal, and Russia, under the leadership of Vladimir
Lenin, signed on 16 March 1921.

16Turkish tribes residing in Eastern Armenia (also called Tatars) are di�erent from Ottoman Turks.
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renaming committee. Retention of a lost Ottoman-Armenian locality name was solely due to

the historical awareness of the committee members.17 Table 1.A.1 summarizes the timing of

Ottoman-equivalent renaming. It shows that in 90% of cases, the renaming occurred during

the Soviet period.

1.2.2 The Second Russian \Betrayal" Policy in the 21st Century

Armenia declared its independence in 1991 after the collapse of the Soviet Union. However,

after 1991, Russia continued to have a military presence in Armenia. Moreover, Armenia

and Russia signed a Treaty of Friendship, Cooperation, and Mutual Assistance in 1997 at the

governmental, ministerial, and agency levels. Since then, most Armenians have considered

Russia to be the main guarantor of their security, and traditionally, pro-Russian parties have

gained the majority of vote shares during parliamentary elections. According to available

election data, pro-Russian parties gained, on average, 77% of the vote share in 2007-2018

across all localities in the sample studied.

In September 2020, a war escalated in Nagorno-Karabakh.18 During the war, Armenia ap-

pealed for Russian military assistance; however, it was not provided. Armenia also had

contracts worth 250 million dollars with Russia, but the weapons ordered were not deliv-

ered. The war stopped after an agreement on the 9th of November 2020. According to the

agreement, Azerbaijan took the majority of Nagorno-Karabakh under its control. After the

war, following the cease�re agreement, Russia sent a peacekeeping contingent of 1,960 ser-

vicemen to Nagorno-Karabakh. As a result of the war, 5,000 people died, 40,000 people lost

their homes and property, and more than 17,000 civilian facilities and infrastructure were

destroyed. There was a clear perception in Armenian society that they also lost the war

to Turkey, because Turkey o�cially announced its support for Azerbaijan during the war.19

This was the �rst time since the independence that Armenians lost a war; this was a large

17The renaming committee consisted of di�erent specialists, including historians, geographers, and lin-
guists, as well as representatives from state and local institutions. There is anecdotal evidence regarding the
naming of New Yerznka and New Kesaria. According to the account, a committee member had a chance en-
counter with the son of an Armenian genocide survivor from the diaspora. The survivor's son shared stories
about his homeland in the Ottoman Empire, speci�cally Yerznka and Kesaria. This encounter later inspired
the committee member to suggest the names New Yerznka and New Kesaria for the renaming. Later, this
committee member recalled this event as motivation for his suggestion.

18The Nagorno-Karabakh con
ict is an ethnic and territorial con
ict between Armenia and Azerbaijan
over the disputed region of Nagorno-Karabakh, inhabited mostly by ethnic Armenians, which was de facto
controlled by the self-declared Republic of Artsakh but is internationally recognized as a de jure part of
Azerbaijan.

19For more discussion see, for example, https://www.cbc.ca/news/
politics/arms-sales-turkey-canada-1.5984453 , https://www.gmfus.org/news/
turkeys-overlooked-role-second-nagorno-karabakh-war .
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shock to to Armenian society. According to the Armenian defense minister, a major reason

for the loss was Turkish assistance to Azerbaijan and the absence of Russian support to

Armenia. According to Gallup International surveys during the war, 80% of the respondents

considered Russia to be the main guarantor and supporter of military security in Armenia

(Gallup, 2020).20 Hence, there were high expectations of Russian military help during the

war.

This military loss led to a political crisis in Armenia, which eventually ended with parlia-

mentary snap elections. During this election, pro-Russian parties had on average a 34% vote

share across all localities in the sample studied (Table 1.A.3).21

1.2.3 Historical Parallels

After the war, narratives about the similarities of the historical events in the 20th and 21st

centuries began to circulate in Armenian society and media. The �rst parallel between the

Armenian Genocide and the 2020 war was made by the prime minister of Armenia who,

during a speech after the �rst week of the war, mentioned:22

\The aim of this war is to continue the Armenian Genocide.[...] However, today,

here I want to say that Armenians, citizens of the Republic of Armenia, citizens

of the Republic of Artsakh, are no longer travelers of Deir ez-Zor."23

This speech garnered about 1.1 million views on the prime minister's o�cial Facebook page.

During another speech after the war, the Armenian prime minister stated in the Parliament:24

\[...] During the 44-day war, our allies (Russia) have participated in the prepa-

ration of this war but not from our side. [...] They created an imitation that they

want to help us, but it is not true [...]"

Figure 1.A.4 shows that Google searches of \Armenian Genocide" from Armenia have become

more frequent since the 2020 war. Historians have also highlighted many facts and symbolic

20Gallup International held a survey in Armenia during the 2020 war (30.10.2020) and asked the following
question: \In your opinion, which country must guarantee the security of Armenia and provide military
support?"; sourcehttps://gallup.am/ .

21Historically, pro-Russian parties had large vote shares before 2018. There was a revolution by a pro-
European political party, which explains the sharp decline in pro-Russian party voting in 2018. However,
this decline does not di�er in family and collective memory places compared to those without memory places.

22Access to the speech in Armenian viahttps://www.youtube.com/watch?v=_0X4tVX58GQ .
23The Deir ez-Zor camps were concentration camps in the center of the Syrian desert, where many

thousands of Armenian refugees were forced into death marches during the Armenian Genocide.
24Access to the speech in Armenian viahttps://news.am/arm/news/824834.html .
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�gures that were similar during the 1920s and 2020.25 Armenian media was also full of

narrative drawing parallels between Ruso-Turkish cooperation in the 1920s and 2020. For

example, the following narratives appeared in Armenian media (see Figure 1.A.3):

\Russia betrayed us in this war [...] A hundred years ago, the Bolsheviks sold

Armenia to the Turks, and now Putin did the same."

\Turkey and Russia are trying to give a second life to the Lenin-Ataturk plan[...]"

In addition, several historians initiated a YouTube channel called the \Russo-Turkish Trap"

to highlight the parallels between current and past events in Armenian history from the

perspective of Russian-Turkish cooperation. The weekly videos on this channel received

around 10,000 views.

Another indication of anti-Russian sentiments is provided by Figure 1.A.5, which shows

survey results for \Armenia's main friend country". After the 2020 war, the share of respon-

dents considering Russia a main friend country decreased from 57% (2019) to 35% (2021).

Given all these narratives by politicians, historians, and media, as well as survey and Google

Trends statistics, I argue that the 2020 war activated memories of the century-old Russian

\betrayal" policy. 26

1.3 Data and Treatment De�nition

1.3.1 Data

I combine a battery of hand-collected archival data with o�cial census and voting data. The

main outcome variable is the voting results of national elections. Voting results and turnout

rates for 2007, 2012, 2017, 2018, and 2021 for each polling station are publicly available on

the o�cial website of the Central Electoral Commission (CEC) of the Republic of Armenia.27

25One of the most discussed similarities is between the loss of Kars in 1918 and the loss of Shushi in
2020. Both were famous fortress cities: Kars in West Armenia (current territory of Turkey) and Shushi
in Nagorno-Karabakh (current territory of Azerbaijan). However, both were lost quite quickly in unknown
circumstances.

26I do not consider any anti-Russian or pro-Russian sentiments after the �rst Nagorno-Karabakh war
in the 1990s because Armenia won. The intuition is based on attribution, self-defense bias, and defensive
attribution theories, which claim that a winner usually assigns the success to himself. In contrast, failures
seek to �nd guilt in others.

27The data for earlier election years (1995, 1999, 2003) is not available either electronically or in the
archives. However, all parties that participated in earlier elections were pro-Russian. Hence, the outcome
would not vary even if the data were available.
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There are around 2,000 polling stations that are aggregated into 891 localities.28 In addition,

the CEC publishes signed lists of voters who have participated in elections since 2017. These

lists contain the voter's name, surname, date of birth, address, and his/her signature if he/she

went to the polling station and voted (see Figure 1.A.7 for an example). This rich dataset,

which I digitalize, provides the gender and age structure of registered and participated voters.

I create the gender based on the classi�cation of names.29 I also use the precise addresses of

voters to construct a measure for Household (HH) size in each locality. I use the availability

of surnames to de�ne the ancestry of each voter and create a measure of the ancestral

background of each locality as a proxy for family memory.

The other primary data sources for this chapter are two dictionaries: one for Armenian sur-

names and the other for Armenian geographical places. I use the �rst to classify surnames

as Ottoman-Armenian, and the second to trace name changes of localities. I also use the

Caucasus barometer, a repeated bi-annual cross-section survey. This survey contains a di-

rect question about respondents' willingness to marry or do business with di�erent nations,

with one of the options being \Russians". I use school grade data of the Ministry of Edu-

cation from 4 regions (40% of the main sample) to observe some behavioral changes among

schoolchildren.

For geographical and historical demographic controls, I use Soviet census data from the Ar-

menian National Archive. I use the Soil caloric suitability index from Galor and•Ozak (2016)

for soil quality. In addition, Chopin (1852) contains data on the number of Muslims and

native Armenians by gender and location in the 19th century. It also provides information

on the number of domestic animals in each village. I source data on births, deaths, and

marriages from 1840 to 1880 from Gharibyan et al. (2025) and further supplemented this

data through additional digitization of Armenian parish records, providing a comprehensive

basis for balance checks. To control for economic development and demography of locali-

ties, I have also collected data on locality budgets from their o�cial websites and Armenian

census.

Party classi�cation (pro-Russia, pro-European, Nationalist) is based on the party's o�cially

published election program. Each program has a section about the party's foreign rela-

tions direction, and principal partner countries are mentioned according to their relative

importance. Being pro-Russian is indicated by considering Russia as the main guarantor of

28I check if the share of invalid votes changes over time. Figure 1.A.6 con�rms, that after the 2018
revolution, the share of invalid votes decreases. However, it is not di�erent in family memory and collective
remembrance localities over time, ensuring that potential concerns related to election quality changes could
not bias the results.

29For more details, see Appendix B.
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military security in Armenia and supporting Armenia's membership in the Eurasian Eco-

nomic Commission (EEC).30 Pro-European parties are identi�ed based on their support for

joining the European Union (EU) and relying on European military support. Table 1.A.2

provides the classi�ed list of parties. Appendix B provides more details on data, lists all

relevant data sources, and describes the construction of my dataset. Table 1.A.5 shows the

summary statistics for main voting outcomes and socio-economic and geographic variables

in 2012 (pre-war) and 2021 (post-war). The average total population in the sample studied

is around 1,400, with the highest population share in the 35-64 age group. The average per

capita local budget annually is 3,200 AMD (� 8 EUR), which is relatively low compared

to the capital Yerevan (� 200 EUR). The comparison of voting results in 2012 and 2021

indicates a sharp decline in turnout and in pro-Russian voting. Finally, the bottom panel

shows the geographic characteristics of localities in the sample.

1.3.2 Treatment De�nition

I use various historical sources to de�ne the primary treatment variables. Family memory

treatment relies on survivors' resettlement patterns and their distinguished surnames. To

de�ne collective memory localities, I track the timing of renaming and compare it to the

pool of Armenian locality names in the Ottoman Empire.

Family memory. The dictionary of Armenian surnames by Avetisyan (2010) provides

information on the origins of more than 18,000 Armenian surnames. Ottoman surnames

are usually identi�ed by Turkish word roots (e.g., Mejlumyan, Yakhshibekyan, Nabatyan),

spelling rules typical to Western (Ottoman) Armenian31 or location roots in surnames (e.g.,

in surnames: Adanalyan, Yerznkyan, Erzrumtsyan Adana, Yerznka, and Erzrum were Ar-

menian localities in the Ottoman Empire). I use these features to identify the share of

voters with Ottoman ancestry. The second source is Hakobyan et al. (1986), which contains

historical, geographical, and socio-economic information about Armenia's localities and sur-

rounding areas. It lists the ancestral origins of current residents when it is known that their

ancestors migrated from elsewhere. The treatment of family remembrance is de�ned in two

alternative ways:

1. dummy: family memory = 1 if genocide survivors settled in the locality according to

30Currently, there are �ve EEC countries: The Republic of Armenia, the Republic of Belarus, the Republic
of Kazakhstan, the Kyrgyz Republic, and the Russian Federation.

31Western Armenian has quite distinct spelling rules from Eastern (current) Armenian. In Eastern Ar-
menian, some groups of letters are not allowed to be written in the middle of a word, while it is allowed in
Western Armenian (Eghiayean, 2022). In addition, Western Armenian surnames end with \ean" as compared
to typical \yan" for Eastern Armenians, (Ishxanean, 1991).
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the historical sources32

2. continuous: family memory = share of voters with an Ottoman Armenian surname

Figure 1.A.8 illustrates that 2,209 out of 16,909 unique Armenian surnames are classi�ed

as Ottoman Armenian, comprising approximately 45% of the total voters. The distribution

of Ottoman surname shares across localities shows a minimum value of 0.80%, a mean of

44.88% (with a standard deviation of 10.85), and a maximum value of 82.64%. One piece of

evidence that villagers of family memory places are well aware of their ancestral background

is documented in �eld interviews (Arbatli and Gomtsyan, 2019). During the interviews

in two villages, which correspond to the family memory treatment in this study, Arbatli

and Gomtsyan (2019) document that most villagers know several family stories about their

ancestral homelands and the migration and settlement experience of their ancestors.

Collective memory. I de�ne collective memory based on the naming year and the existence

of the same or a similarly named Armenian locality in the Ottoman Empire before 1915.

Collective memory = 1 if the following two conditions are satis�ed at the same time:

1. naming year> 1920

2. there was an Armenian locality with the same name in the Ottoman Empire before

192033

Table 1.A.4 illustrates that, in fact, collective memoryde�ned on the locality name is highly

and positively correlated with the existence of a genocide memorial in the locality. However,

the presence of genocide survivors does not increase the probability of genocide memorial

construction (the coe�cient is negative and insigni�cant).

There are two main reasons I de�ne collective remembrance based on the locality's name

rather than on the presence of a genocide memorial. Firstly, in all localities, naming occurred

prior to construction of a memorial. Secondly, the treated sample of collective memory is

larger (N = 108) if the de�nition is based on the locality name compared to the sample with

a memorial (N = 24). However, However, I repeat the baseline regression with the collective

memory de�ned on the memorials, and the main results do not di�er.34 I use the number of

years since acquiring the Ottoman Armenian name as an alternative continuous measure of

32The original 1926 census data is not available, and I use Hakobyan et al. (1986)'s dictionary, which is
based on that census. For each place, the dictionary mentions where and when the ancestors of the current
inhabitants came from if they were not natives.

33There can be some minor spelling di�erences because of di�erent grammar rules in West and East
Armenian languages.

34I perform another robustness check by combining naming and genocide memorial in one \combined
collective" memory variable, and again, the main results remain stable.
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collective memory in the robustness checks.

1.4 Identi�cation Strategy

In identifying how family and collective memories in
uence voting preferences, I exploit

the ancestral background and the naming of localities in the di�erence-in-di�erence (DiD)

framework with four pre-treatment and one post-treatment periods. I check the conventional

assumption of parallel pre-trend, orthogonality of treatment to observable characteristics,

and the stability of demographic and socio-economic covariates after the 2020 war.

1.4.1 The Main Empirical Model

To understand if the repeated history triggers di�erent behaviors across family memory and

collective remembrance places, I use a DiD framework with the following speci�cation:

Yit = � i + 
 1(Ci � Post2020t ) + 
 2(Fi � Post2020t ) + X
0

it � + � t + � it (1.1)

i = 1 ; 2; :::891 andt = 2007; 2012; 2017; 2018; 2021

Where Yit describes outcomes (turnout, pro-Russian party vote share, pro-European party

vote share) or survey data sentiments (willingness to marry Russians, willingness to do

business with Russians, main friend country Russia, etc.) in localityi in national election

year t. Fi is a locality-speci�c dummy that equals one if genocide survivors settled in the

locality i according to (Hakobyan et al., 1986). As an alternative measure of family memory, I

use the share of voters with Ottoman surnames.Ci is the collective memory dummy variable

de�ned in Section 1.3. The reference group is the localities that do not have connections

to the Armenian Genocide and Russian \betrayal" policies either through their residents'

ancestry or via place name. The time speci�c dummy variablePost2020t = 1 for national

elections after 2020, andPost2020t = 0 before 2020. 
 1 captures the e�ect of collective

memory, 
 2 represents the e�ect of family memory.

I include locality �xed e�ects � i to control for time-invariant local characteristics and election

year �xed e�ects � t to capture political trends and temporal idiosyncrasies.X
0

it is a set of

control variables at the locality level, including the total number of eligible voters (in logs)

and socio-demographic and economic covariates (total population (in logs), population shares

of females, age group shares, the share of the Yazidi minority, and local budgets per capita).

" it is the vector of the error term. I also run a speci�cation where I interact year �xed

e�ects with district �xed e�ects, distance to the Turkish border, and distance to the regional
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capital. This accounts for potential triggers of speci�c regional di�erences that might matter

after the war but not before.

The di�erence-in-di�erences models are estimated using ordinary least squares (OLS) ap-

plying the approach by Colella et al. (2023), which uses spatially clustered standard errors.

I use the most conservative inference with a 40km spatial cuto�, which yields the largest

standard error in the baseline model.

In the �nal sample, I include only localities with a population of less than 10,000 as of

2007, the earliest pre-treatment period. The sample comprises 891 localities, predominantly

villages. Among these, 25 are small towns with de�nable ancestral backgrounds. Major

cities in Armenia are excluded from the sample due to the predominant pattern of internal

migration from villages and small towns to major cities. This migration makes the ancestral

backgrounds of major cities ambiguous (i.e., Hakobyan et al. (1986)'s dictionary does not

clarify the ancestral makeup of large cities in terms of East/West Armenian, likely due to

the mixed heritage of their populations).35

1.4.2 Identi�cation Assumptions

Parallel trend assumption. Firstly, the key identifying assumption of the di�erence-

in-di�erences approach is that localities with Russian \betrayal" policy memory follow a

common trend in vote shares for pro-Russian parties that would have continued in the

absence of war in 2020. Figure 1.2 shows the pro-Russian vote shares di�erences between

localities with and without \betrayal" memory from 2007 to 2021 in an event-study setup.

Family memory is de�ned in two alternative ways: i Ottoman surname shareii dummy

indicator based on initial settlement as described in Section 1.3.2. Collective remembrance

is measured by a dummy indicator based on the locality name. The coe�cients of the

event-study setup are standardized to the last pre-war election in 2018. The coe�cients

of di�erences in pro-Russian party vote shares are not signi�cantly di�erent from zero in

the entire pre-war period for all types of treatment. Thus, pre-war trends do not di�er

between family vs. without memory and collective vs. without memory localities, indicating

parallel pre-war trends. After 2020, however, pro-Russian party vote shares decreased in

family memory localities compared to the without memory ones. The same pattern applies

to collective memory and without memory localities: after the war, localities with collective

35I repeat the main analysis for the full sample, including major cities (N = 22). The de�nitions of
continuous family memory treatment and dummy collective memory treatment are identical to those in
Section 1.3. All large cities are assigned into the family memory=0 dummy group. The main results remain
stable in magnitude and signi�cance, as shown in Table 1.A.18.
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memory voted less for pro-Russian parties.

[Figure 1.2 about here]

Balance of treatment. The second underlying assumption for identi�cation is the or-

thogonality of genocide background to observable characteristics before the resettlement of

survivors. Oral evidence suggests that resettlement occured in an unsystematic manner

(Hovannisian, 1971). What historical sources report about resettlement is more consistent

with a haphazard settlement process than planned location choices.36 Many migrants ini-

tially considered their new homes temporary as they had high hopes of returning to their

homelands. Thus, I do not expect to �nd any systematic resettlement patterns other than

geographic patterns, such as proximity to the Turkish border. To test this, I collect data on

the geographical features of localities. Pure mean comparisons reported in Table 1.A.5 show

that family memory localities tend to be closer to the Turkish border. However, there are

no signi�cant di�erences once conditioned on the district �xed e�ects, as shown in Panel (a)

of Figure 1.3.

[Figure 1.3 about here]

Figure 1.3 also provides empirical tests on whether geography predicts collective memory

of the localities. All geographic controls, including the soil caloric suitability index (log),

minimum and maximum temperature (log), ruggedness of the terrain (log), distance to the

Turkish border (log), and distance to regional capital (log) are balanced.

In addition, Figure 1.3 shows the balance of control and treatment groups on pre-settlement

(1831-1878) socio-demographic and economic covariates. Most of the features are balanced

across treatment and control groups. In particular, average age, average death age (as a

proxy for health conditions), female marriage age (as a proxy for female autonomy), and

the number of per capita draft animals and cows (as proxies for economic conditions) do

not predict the resettlement location. The only exception is that the share of Muslim37

population is higher in family memory localities.38 This is because most of the Muslim

36There might be concerns that genocide survivors would have migrated from Armenia after their reset-
tlement in 1920, following Armenia's annexation into the Soviet Union (1922). However, due to restrictive
migration policies enforced by the Soviet Union, only an estimated 5-6% of resettled genocide survivors left
Soviet Armenia (source: https://hetq.am/hy/article/80215 ). Assuming that those who managed to mi-
grate were more anti-Russian than those who stayed, the results presented in this study should be considered
a lower-bound estimate.

37The term \Muslim" is a literal translation from 1831 Russian census.
38The data on pre-1915 covariates is not fully available in the Armenian National Archive. For some

localities, this is because they did not exist before 1915. However, for some localities, parish records were
not saved. I check that the missing data is not correlated with either collective or family memory treatments
(for more details, see Appendix B).
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populations, who fought on the Ottoman side, left their villages in Armenia after WWI.

Afterward, some groups of genocide survivors resettled in those abandoned places.39

Balance of controls. Third, I check the balance of demographic and socio-economic covari-

ates before and after the 2020 war. Figure 1.3 tests for this crucial di�erence-in-di�erences

assumption. I choose total population (log), and the share of women from the most recent

pre-war Census in 2011. Data on age groups, household size, and local budgets are from

2017. I take the latest pre-war election data from 2018 to compare voting behavior.

Panels (a) and (b) show the mean di�erences between memory (family: continuous and

dummy, collective: dummy) and without memory localities, conditioned on district �xed

e�ects for the pre-war and after-war periods, respectively. Panel (c) reports di�erence-in-

di�erences estimates that compare the change in di�erences between panels (a) and (b).

The �rst row previews the pro-Russian vote share di�erences as the main outcome. Pro-

Russian vote share decreased from 2018 to 2021 in family and collective memory places

compared to those without memory. There are no di�erences in the numbers of eligible

voters, showing that the shift in voting does not result from an extensive margin. For voter

turnout, I observe an increase in collective remembrance localities in the after-war period

and a decrease (dummy) or no change (continuous) in the family memory localities. The

average HH size, female share, total population, and local budget per capita do not di�er

before or after the war. The number of 2020 war deaths is also balanced across treatment

and control groups. The only demographic indicators that di�er somewhat are \16-35" and

\ > 60" age group shares. However, the di�erence is negligible. I also include age group

shares interacted with year �xed e�ects in the main empirical speci�cation.

1.5 Results

Table 1.1 shows the main results from the di�erence-in-di�erences estimations. Column (1)

shows the di�erence-in-di�erence estimate for combined memory (either collective or family)

without any control variables except locality and year �xed e�ects. Column (2) includes

district �xed e�ects interacted with year �xed e�ects, geographical controls (ruggedness of

the terrain, distance to Turkish border (log), distance to the regional capital (log)) interacted

with year �xed e�ects, pre-treatment controls (share of female population, shares of age

groups, the share of Yazidi minority, local budget per capita) interacted with year �xed.

39To alleviate concerns that resettlement in previously Muslim-populated areas could be another trigger
of remembrance in the robustness checks, I restrict the family treatment to only localities newly founded by
genocide survivors, and the main results remain stable in terms of magnitude and signi�cance.
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These interaction terms control for potential regional characteristics that may change over

time, i.e., regional campaign capacity in the respective region or the role of closeness to

the Turkish border in activating memories. The control variable that varies over time is

the electorate in the log. The results show negative and statistically signi�cant e�ects of

\betrayal" policy memory (combined) and war interaction on pro-Russian party vote shares.

[Table 1.1 about here]

Columns (3)-(4) compare collective memory and family memory localities with the localities

without memory. Columns (5) and (6) also add the interaction of two types of memories.

Again, I �nd a negative and statistically signi�cant e�ect of family and collective memories

on pro-Russian voting. There is no boosting e�ect when two types of memories interact.

However, this result should be interpreted with caution, because only 24 localities have both

types of memories in the studied sample and there is insu�cient power to estimate it.

Table 1.1 shows that both collective and family remembrance drive voting behavior in the

same direction. On average, after the 2020 war, the vote share of pro-Russian parties in

family memory localities decreased by around 3.5 percentage points relative to the vote

shares in localities without memory. Similarly, after the 2020 war, pro-Russian parties' vote

share in collective memory localities decreased by around 3.0 percentage points relative to

the vote shares in localities without memory (relative size is 9%). This means that1 out

of 11 (12) voters did not vote for pro-Russian parties due to family (collective) \betrayal"

memory. I also test the hypothesisH0 : 
 1 = 
 2 and do not �nd evidence to reject it

(p = 0:82), which con�rms that both collective and family remembrance have similar e�ects

on pro-Russian party voting.

Table 1.1 also reports the e�ect size of both types of memories (partialR2). Naturally, the

combined memory in columns (1)-(2) has the highest e�ect size. When decoupling the e�ect

size, I �nd similar e�ect sizes for both types of memories. So, indirect collective exposure to

the Russian \betrayal" policies results in signi�cant negative voting for pro-Russian parties.

This e�ect is comparable to the negative voting observed when the memories of the \betrayal"

are activated for those individuals whose ancestors were directly exposed to the \betrayal"

policy.

Inferences in Table 1.1 are based on the largest standard errors given by a cuto� of 40

kilometers for spatial-dependent standard errors. In Table 2.B.4, I carry out robustness

checks with di�erent cuto�s, and the results are robust to all ways of clustering.
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1.6 Robustness

I test robustness in a DiD framework. Section 1.6.1 introduces alternative continuous treat-

ments, Section 1.6.2 addresses voter sorting, Section 1.6.3 balances pre-war covariates, Sec-

tion 1.6.4 considers pseudo-activation periods, and Section 1.6.5 checks party classi�cation.

1.6.1 Alternative De�nitions of Memory

To address concerns about internal migration following the resettlement of genocide survivors

and to measure treatment intensity, I de�ne alternative measures of treatment. I construct a

continuous treatment variable of family memory based on the surnames of voters in 2021 to

address migration concerns related to constructing a categorical family treatment variable

based on historical sources. This approach is based on research that documents the infor-

mativeness of family names even in ethnically homogeneous populations (G•uell et al., 2014).

Speci�cally, I calculate the share of Ottoman surnames for each locality. I also replace the

dummy indicator of collective memory with the number of years the locality has held the

collective memory name.

Columns (1)-(2) of Table 1.2 repeat the results of columns (3)-(4) of Table 1.1, replacing the

indicator variables of family memory and collective remembrance with continuous counter-

parts. Results are robust to continuous measurement of the treatments. A one percentage

point increase in the share of Ottoman surnames among voters (the average share is 45%)

decreases pro-Russian voting by 0.09 percentage points (on average 4:0 � 0:09� 45 percent-

age points), and one additional year of a locality being known by a collective remembrance

name (the average is 44 years) decreases pro-Russian voting by 0.04 percentage points (on

average 2:0 � 0:04� 44 percentage points). The latter indicates that earlier renaming signals

longer exposure to a symbolic reminder, which plausibly strengthens collective memory. The

interaction term remains insigni�cant as in the main speci�cation.

Through three robustness checks, I address potential concerns related to changes from Ot-

toman to non-Ottoman surnames. First, I calculate the proportion of households with at

least one member holding an Ottoman surname (columns (3)-(4)). The results are both

quantitatively and qualitatively consistent with those presented in columns (1) and (2) of

Table 1.2. Second, I verify that changes from Ottoman to non-Ottoman surnames are ex-

tremely rare (less than 0.1%), making it unlikely that these changes could bias the results.40

Lastly, I conduct simulations in which I increase the number of voters with Ottoman sur-

names by 10%, 20%, 30%, and 70%, respectively, by randomly assigning Ottoman surnames

40For further details, see Appendix B.
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to individuals with non-Ottoman surnames. As illustrated by simulations in Figure 1.A.10,

the baseline estimate in Table 1.2 serves as a lower bound.

In columns (3)-(4), the family remembrance treatment sample is restricted to the new locali-

ties that genocide survivors established, and the localities that just hosted genocide survivors

are excluded from the sample. The results are robust in terms of the signs and signi�cance

of the main coe�cients of interest. Moreover, I observe a slightly higher e�ect (around 4.0

percentage points) as compared to the main speci�cation (around 3.0 percentage points).

This check excludes the alternative explanation that a high share of the Muslim population

in the pre-settlement period could be another trigger of genocide and Russian \betrayal"

policy memories, as discussed in Section 1.4.

[Table 1.2 about here]

1.6.2 Sorting

I check whether the results are driven by voters with family memory choose to live in col-

lective remembrance places or by their impact on the collective naming of their locality. In

columns (1)-(2) of Table 1.A.6, I carry out an analysis for the sample that excludes Ottoman

name localities to address some potential concerns connected to the selective migration of

genocide survivors' descendants to Ottoman name places. The signi�cance and magnitude

of the coe�cients remain stable, con�rming that the results are not driven by selective mi-

gration. Columns (3)-(4) test the e�ect of collective memory, excluding localities with family

memory from the sample, and again, results remain stable. In columns (5)-(6), the collective

memory treatment e�ect is estimated with respect to a subsample of the control group. In

this subsample, I keep only those places without memory that were renamed after 1920.

This control group is closer to the collective memory group in terms of naming background,

and addresses concerns related to the selective renaming process (e.g., localities that were

not renamed after 1920, thus keeping their old historical names could potentially have a

di�erent social capital structure to resist the decisions of Soviet authorities). As Table 1.A.6

con�rms, the negative e�ect of 2-3 percentage points for pro-Russian voting remains stable.

Table 1.A.7 also tests whether collective memory correlates with the continuous family mem-

ory measure (share of Ottoman surnames), i.e., if residents with family memory choose to

live in collective memory places. I test this for the full sample and restrict the sample to only

those localities that were renamed after 1920. The insigni�cant and negative coe�cient of

the Ottoman surname share from OLS estimation does not support the selective migration

hypothesis.
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1.6.3 Matching

As discussed in the Results section, treatment and control groups of localities may have some

di�erent characteristics. Among other reasons, this is due to their di�erences in proximity

to the Turkish border and the resulting economic and demographic trends. I have already

addressed such concerns by interacting geography variables and pre-treatment controls with

year �xed e�ects. I introduce propensity score matching and entropy balancing (Hainmueller,

2012) to balance localities over pre-war covariates. Table 1.A.8 shows the results of the

balancing procedures. In column (1), balancing and matching are done on the 2012 census

population, in column (2) on geographical features (ruggedness of the terrain, distance to the

Turkish border (log), distance to the regional capital (log)), in column (3) on demography

(age groups, household size, female population share, Yazidi minority share), in column (4)

on local economic development measured by local budget per capita. All point estimates

remain negative and mostly signi�cant. Thus, the e�ects are not driven by pre-war di�erences

that might act as salient markers to activate history.

1.6.4 Timing of Treatment

I examine whether memories in
uenced election outcomes prior to the onset of the 2020 war.

A potential concern is the 2018 revolution, which brought a pro-European party to power

in Armenia. If anti-Russian sentiments had already been gaining traction following the rev-

olution, a decline in pro-Russian voting would be expected as early as 2018. In Table 1.A.9,

I interact the 2018 period with two types of memories and do not �nd any signi�cant e�ect

on the pro-Russian party vote share in 2018. I also add the interaction with the year 2018 in

the main speci�cation of Table 1.1, and the main results remain unchanged. These results

con�rm that both memory (collective and family) and the war (memory activator) are key to

shaping anti-Russian sentiments. In addition, I repeat Table 1.1 while excluding parties that

were in the government. The results remain stable as shown in Table 1.A.10. This �nding

rules out the possibility that voters' choices are primarily shaped by government-opposition

dynamics. Instead, the persistence of the e�ect implies that memory activation directly

in
uences attitudes toward Russia, independent of contemporary political considerations.

This strengthens the argument that historical narratives, rather than strategic or partisan

motivations, play a crucial role in shaping electoral behavior.
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1.6.5 Party classi�cation

Finally, I reclassify parties using LLM-based NLI models: facebook/bart-large-mnli

(Lewis et al., 2019) andMoritzLaurer/deberta-v3-large-mnli-fever-anli (He et al.,

2021). Parties are classi�ed into pro-Russian, neutral, or pro-European, then collapsed into

a binary pro-Russian variable. Table 1.A.2 reports results across multiple strategies (Base,

Softmax, Polar, Margin, Logit). Coe�cients remain similar, con�rming robustness to clas-

si�cation.

1.7 Mechanism

This study shows that memories of the distant past transferred either through families or

locality names (collective remembrance), once activated, can in
uence the voting behaviour

of individuals. This section investigates the mechanisms at work in more detail. First, I

employ other voting outcomes in Section 1.7.1 and show that collective memory motivates

post-war turnout while family memory does not. I then study the social fabrics of localities

in Section 1.7.2. Section 1.7.3 studies the turnout rates of movers, and Section 1.7.4 describes

the contextual di�erences between family and collective recallections. I also test for strategic

campaigning (Section 1.7.5) and employ survey and schooling data for di�erent measures of

anti-Russian sentiments (Section 1.7.6). Heterogeneous e�ects are analyzed in Section 1.7.7.

Lastly, I examine the e�ects of US and Russian ties on voting in Section 1.7.8.

1.7.1 Other Voting Outcomes

First, I investigate the underlying mechanism behind voting behavior. I consider whether

voters in the memory places changed their political preferences or whether the e�ect is due

to a change in voting turnout rates. Table 1.3 reports the results for three additional voting

outcomes: turnout, and vote shares for pro-European parties and for nationalist parties.

Columns (1) and (2) demonstrate that voter turnout increases exclusively in areas associated

with collective memory, with no observed e�ect in localities linked to family memory.

[Table 1.3 about here]

Collective memories of historical events carry signi�cant cultural and symbolic weight. They

represent pivotal and challenging moments in a nation's history, evoking a sense of collec-

tive responsibility. This feeling may motivate individuals to engage more actively in the

democratic process, including voting. Family memories, while meaningful and emotionally

signi�cant within the family, may not carry the same level of historical or symbolic weight
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that collective memories do, potentially leading to little-to-no e�ect on turnout rates.

In columns (3)-(4) of Table 1.3, the outcome variable is the share of nationalist parties. Here,

neither family memory nor collective remembrance motivate nationalism, and if anything,

the e�ect is negative. However, this observation should be interpreted with caution, because

nationalist parties began participating in elections in 2018 and it is not possible to observe the

variations in voting for nationalists prior to 2018. In columns (5)-(6), the outcome variable

is the share of pro-European parties. Here, both family memory and collective remembrance

positively a�ect share of votes for pro-European parties, with a higher magnitude in family

memory places. This �nding suggests that family memory of \betrayal" policies can switch

political preferences from pro-Russian parties to pro-European parties with the same level

of turnout. However, in collective remembrance places, decreased pro-Russian voting could

partially result from an increase in voter turnout.41 To con�rm this hypothesis, I split

the sample based on turnout di�erences between the before-war (2007-2018) and after-war

(2021) periods. Figure 1.A.11 shows the results for the top 25th and bottom 25th percentiles

of the turnout gap together with baseline full sample results. Clearly, in family memory

places, there is no di�erential e�ect with respect to the turnout gap. However, in collective

remembrance places, results are driven by places experiencing a higher turnout gap. Because

voter turnout is a widely used outcome-based measure of social capital (Putnam, 1994; Guiso

et al., 2004; Lichter et al., 2021) I suggest that the anti-Russian voting of collective memory

places acts through social capital.

1.7.2 Social Capital

To further substantiate the claim that collective memory is positively associated with social

capital, whereas family memory has a negative relationship, I analyze survey responses

related to trust. This approach builds on prior literature that identi�es trust as a key proxy

for social capital (Coleman, 1994; Putnam, 1994; Glaeser et al., 1999). Panel (a) of Figure

1.4 presents trust levels towards individuals and institutions (parliament, government, and

courts), and compares the e�ects of collective and family memory treatments to those of a

control group while controlling for pre-2020 war trust levels. The results indicate that trust

declines in localities associated with family memory following the activation of \betrayal"

memories. In contrast, trust levels remain stable in collective memory places, with some

evidence suggesting a positive e�ect on trust towards the judiciary. These �ndings align

41It should be noted that increased turnout in collective memory places as compared to non-memory
places in the after-war period does not necessarily imply that if more people vote, they vote less often for
pro-Russian parties.
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with the broader literature, which links historical trauma to lower levels of trust (Alesina

and La Ferrara, 2002; Nunn and Wantchekon, 2011), making it likely that the erosion of

trust in family memory localities stems from the traumatic recall of past betrayals.

Panel (b) of Figure 1.4 further illustrates di�erences in social structures by showing that

community-owned land per capita is signi�cantly higher in collective memory localities com-

pared to family memory localities in 2021. Given that e�ective community ownership ne-

cessitates trust and cooperation among residents, this �nding underscores the distinct social

fabric of these two types of memory localities.

[Figure 1.4 about here]

Additional evidence supporting these social di�erences is provided in Panel (c) of Figure 1.4,

which examines the relationship between surname diversity (measured using the entropy

index) and family and collective memory treatments. Surname entropy serves as a proxy

for both informational and social-psychological aspects of a community (Bell et al., 2019),

with higher surname diversity being associated with weaker family ties and greater trust in

strangers (Posch et al., 2023). The results indicate that surname diversity is relatively low

in family memory localities, suggesting stronger family ties. Conversely, surname diversity is

higher in collective remembrance places, implying greater trust and higher degrees of social

capital. These �ndings are consistent with earlier results on voter turnout and generalized

trust.

Overall, the results suggest that the social fabric di�ers markedly between collective and

family memory localities. This distinction implies that anti-Russian sentiments triggered by

the activation of \betrayal" memories operate through di�erent mechanisms: in collective

remembrance localities, they manifest via strengthened social capital, while in family memory

localities, they are driven by the lingering e�ects of the trauma.

1.7.3 Movers

When individuals relocate, their cultural beliefs, norms, and values move with them, but

the external environment they faced is left behind. This idea is intensively applied in the

literature to distinguish between factors internal to the individual (like norms and beliefs)

and factors external to individuals (like domestic institutions) (Ichino and Maggi, 2000;

Nunn and Wantchekon, 2011). I use individual level turnout outcomes of movers from two

regions42 to test if collective memory is attached to the place and family memory to the

42Because of data digitization constraints I focus on two regions (Aragatsotn and Armavir). It represents
24% of total voters in the sample studied, and voting results for this subsample are similar to the full sample
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individuals per se. Movers are de�ned based on voter lists in 2017 and 2021.

Figure 1.A.12 shows a comparison of turnout rates across four groups of movers: from non-

collective places to collective (\NC to C"), collective places to non-collective (\C to NC"),

from non-family places to family (\NF to F") and from family places to non-family (\F

to NF"). The control group consists of movers who are not included in the previous four

groups. As Figure 1.A.12 shows, the di�erences in turnout remain constant in \NF to F"

and slightly decrease in the \F to NF" group as compared to the control group. However,

there is a clear shift in the gap sign of the \C to NC" and `NC to C" groups of movers. On

one hand, \NC to C" movers begin to participate more often in voting; on the other hand,

\C to NC" movers cease to engage in voting activities. This �nding supports the previously

stated hypothesis that collective memory is closely tied to the environment, while family

memory is internalized within individuals.

DiD estimates in Figure 1.A.13 further con�rm that relocation does not alter the voting

behavior of \NF to F" and \F to NF" movers. However, \NC to C" movers increase their

turnout, a proxy for social capital, while \C to NC" movers show a decrease their turnout.

This evidence again supports the immobility hypothesis of collective memory and the mobile

nature of family memory, highlighting the distinct characteristics of these memory types.

1.7.4 The Context of Recall

I dive deeply into the context of recalling the Armenian Genocide and Russian \betrayal"

policies through family stories and commemorations, to investigate how family and collective

recall di�er in their nature. For family stories, I use 44 published stories about genocide

survivors, which the survivors' children have transferred to the Armenian Genocide Museum.

To reveal the collective memory context, I exploit 24 commemoration texts published on the

collective memory localities' Facebook pages during 2020-2021.

Figure 1.A.14 shows that 41% of the individual stories mention the retreat of Russian troops

and describe the killings of their relatives after the retreat (see examples in Section 1.3). In

contrast, none of the published commemoration texts directly mentionRussia or Russian

troops. However, 90% of these texts emphasize themes such as \not relying on foreign coun-

tries" and \learning from history". Using Arti�cial Intelligence (AI) tools, I also categorize

the survivor stories and commemoration texts into groups: \only tragedy" vs. \positive,

hopeful" and \individual" vs. \national" tragedy. AI analysis reveals that 72% of survivor

stories fall under \individual" tragedy, whereas only 16% of commemoration texts do. Ad-

results in Table 1.1 and Table 1.3.
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ditionally, AI classi�es 7% of individual stories as \positive, hopeful" compared to 70% of

commemoration texts.

These �ndings highlight a signi�cant disparity between family and collective narratives, with

family stories predominantly portraying personal tragedies and collective commemoration

texts focusing more on positive and hopeful messages. This is also in line with �ndings in

Sections 1.7.1-1.7.3 which suggest that increased voter turnout and trust in collective remem-

brance localities result from the positive context of commemorations focusing on historical

consciousness and nation-building rather than primarily on tragedy.

1.7.5 Strategic Campaigning

If parties are aware of collective and family memories, their campaigning may di�er between

places with and without memory. Table 1.A.12 shows whether the distribution of campaign

posters di�ers across these groups. The outcome variable in the �rst two columns is the

number of pro-Russian party posters within a 10 km radius of the locality. The number of

pro-European party posters in the last columns is calculated within the same radius. Poisson

regression results indicate that there was no strategic campaigning in family and collective

memory places before or after the war in 2020. Hence, parties did not target localities to

trigger activated history e�ects. The observed negative e�ects in Table 1.1 are driven by the

demand side rather than by the supply side.

1.7.6 Other Measures of Anti-Russian Sentiments

I employ geocoded survey data from the Caucasus Barometer, which provides a battery of

survey questions on respondents' beliefs, values, and social-demographic features. This is

repeated cross-sectional data collected every two years. Collective and family treatments

are assigned based on respondent's locality. Given some data limitations connected to the

consistency of survey questions over time, I concentrate on the following questions: 1. What

is the main friend country of Armenia? 2. Is the respondent willing to marry someone of a

particular nationality, including Russian? 3. Is the respondent willing to do business with

members of particular nationalities, including Russians?

Table 1.4 shows probit estimation results. In columns (1)-(2), the dependent variable takes

the value one if the respondent mentions Russia as a main friend country of Armenia and

zero otherwise. Column (2) controls for age, gender, education, and economic status of the

respondent. I �nd that places with family memories are less likely to report Russia as a main

friend country. In addition, I carry out a similar analysis for the survey question about the
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main enemy country of Armenia (not reported) and do not �nd any increased probability

of mentioning Russia as the main enemy. In columns (3)-(4) I investigate the respondents'

willingness to do business with Russians. The coe�cients are negative; however, they are

not signi�cant. Columns (5)-(6) test the change in willingness to marry Russians. Again, I

do not �nd any di�erential attitude between memory and non-memory places after the war.

The results from survey data suggest that there is some anti-Russian sentiment arising from

activated family memories. However, this attitude is, �rstly, more against the country rather

than it is against Russian people, and secondly, it is in the form of decreased friendship rather

than increased hostility.

[Table 1.4 about here]

I also use schooling outcomes from 4 regions of Armenia (40% of the original locality sample)

to test if anti-Russian sentiments are expressed by schoolchildren about learning Russian.

Figure 1.5 shows event study results at the village level. The outcome variable is the ratio of

Russian language grades over other foreign language grades averaged across schoolchildren

in each locality. I �nd that in family memory places, there is no di�erential e�ect before and

after the war. Conversely, in collective remembrance places, there is an activated negative

e�ect after the war, which fades out over time. Schooling outcomes on the student level

presented in Table 1.A.13 again con�rm that schoolchildren in collective remembrance places

perform worse in Russian language course after the war. In contrast, the e�ect is even

slightly positive in family memory places. Overall, anti-Russian sentiments are mainly within

political views but extend somewhat into a broader context.

1.7.7 Heterogeneity

One dimension of heterogeneity is the size of the locality. Table 1.A.14 shows the results

for two subsamples based on population in 2007. Columns (1)-(2) report the results for

the bottom 30th and top 70th quantiles, respectively. I observe that collective memory de-

creases pro-Russian voting mainly in small places, while the family memory e�ect is not

signi�cant in small places. The results in the top 70th percentile subsample are similar to

the baseline full sample results. This aligns with the literature arguing that collective mem-

ory is often preserved within small communities through storytelling that reinforces shared

historical narratives (Green, 2011; Thomson, 2011). This �nding suggests that collective re-

membrance is well preserved in small places through oral traditions and memorial practices,

which increased historical consciousness of Armenia-Russia relations over the last century.

As Table 1.A.4 con�rms, in fact, in collective memory places, there is a higher probability
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of having a genocide memorial.

I also explore the heterogeneity of collective memory locality names. Intuitively, locality

names that start with the word \New" could receive more attention and trigger awareness

of Russian \betrayal" policy history. In Column (3) Table 1.A.14 I test this by including

an interaction between collective names that start with \New" and post-2020 war dummy.

The results show that the e�ect doubles in those places, highlighting the importance of the

triggering locality name. Column (4) checks the heterogenous e�ect of \pseudo New" names,

which contain \New" but are not related to lost Armenian places in the Ottoman Empire (e.g,

Nor Gyugh, which means new village). The analysis reveals no signi�cant e�ect, indicating

that both the presence of \New" and the association with Ottoman names are crucial in

triggering collective memory. I introduce a di�erent set of prominent collective names,

determined by whether the locality name is inscribed on the main wall of the Armenian

Genocide memorial.43 The results do not show any boosting negative e�ect in those salient

places. I interpret the �ndings of Columns (3)-(5) in Table 1.A.14 that the naming pattern

plays a key role in generating collective remembrance. However, attention-grabbing name

triggers the memory |not the weight of its historical background.

1.7.8 Russian and US Ties

The direct presence of Russian military bases may in
uence local sentiments. I conduct a

heterogeneity analysis by splitting the sample based on proximity to Russian military bases

in Armenia. Columns (1)-(2) of Table 1.A.15 show results for areas within the median

distance from these bases, while columns (3)-(4) cover areas beyond this distance. Localities

farther from the Russian military exhibit stronger anti-Russian sentiments due to family

memories, whereas collective memory loses signi�cance. This suggests that the Russian

presence suppresses anti-Russian sentiments derived from family memories but not from

collective memories, highlighting the traumatic nature of family memory. Columns (5)-(6)

add distance to Russian military bases, interacted with year �xed e�ects, to the baseline

speci�cation in Table 1.1, showing stable results.

To examine the impact of ties with Russia or the US on anti-Russian sentiments, I restrict

the sample in Table 1.A.16 Columns (1)-(2) to the top three regions connected to each coun-

try. Russian connectedness is based on Google searches for \Russian Ruble", indicating

43The genocide memorial in Yerevan was founded in 1965. Every year on April 24th, the Armenian
Genocide Remembrance Day, thousands of Armenians gather at the memorial to commemorate the victims
of the genocide. On the walls of the memorial, a list of around 50 Ottoman Armenian localities is mentioned,
where many Armenians were killed during the genocide.
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ties through migrants and remittances. US connectedness uses the Facebook Social Con-

nectedness Index, which is only available at the regional level in Armenia.44 Results show

that Russian remittances do not mitigate \betrayal" policy memories in family or collective

contexts, while US connections reduce the impact of family memory and have no e�ect on

collective memory. In Column (3), I add a dummy indicating localities with the above me-

dian Google searches of the topic \Russian Ruble". The main results remain stable, while

those places also indicate clear pro-Russian voting. In Column (4), I also add the interac-

tions with two treatments and above median Russian connectedness. While the main results

remain unchanged, I observe that potential remittances from Russia empower anti-Russian

sentiments in collective memory places. This result highlights the social capital background

of collective memory, showing that potential economic bene�ts cannot deactivate \betrayal"

memories.

1.8 Conclusion

In this chapter, I show how memories of the distant past can be activated and how this

activation can translate into real-world outcomes. This research uses historical variation in

a di�erence-in-di�erences framework to show that, once activated, collective remembrance

and family memory shape behavior. Interestingly, collective memory based on the name of

a place without any direct individual exposure to past historical events generates an equally

sizeable negative e�ect as family memory (direct exposure) of the same event. In addition,

while family remembrance works through a shift in political preferences (from pro-Russian

to pro-European parties), only collective remembrance motivates voter turnout. I reveal

that the collective remembrance e�ect has a more social nature, while family memory has a

more traumatic or emotional nature. Thus, I bring empirical evidence that how memories

of historical events are transmitted is highly important in shaping actions. I also show that

collective memory is well preserved in small localities through memorial practices, which

increase historical consciousness.

Results documented here highlight the pivotal role of history in forming and shaping public

opinion. Understanding how di�erent types of memories a�ect behavior is essential in social

capital formation and policy making. In particular, it could clarify ways to motivate people

to vote and receive vaccinations, ways to include di�erent nations in unions, and compensate

survivors and their generations of historical traumas. These �ndings emphasize the potential

44The Facebook Social Connectedness Index measures the relative probability that two individuals across
two locations are friends with each other on Facebook. Source:https://data.humdata.org/dataset/
social-connectedness-index?
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of historical awareness in guiding community engagement and reinforcing societal bonds.

Furthermore, they indicate that policymakers could strategically utilize this understanding

to formulate interventions to address historical grievances and promote social cohesion in

more structured ways.
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Figures

(a) Distribution of Armenian localities

(b) Vote share comparison

Figure 1.1: Memory types and pro-Russian voting

Notes: Notes: The map on the left-hand side shows the classi�cation of Armenian localities according to
their memory type. Stars have both collective and family memory, crosses have only collective memory,
circles have only family memory and triangles are localities with no type of genocide memory. Borders
indicate districts. The right-hand side bar chart shows the means of pro-Russian party vote shares in
Armenian localities according to their memory type. The means do not di�er during the 2007-2018 period
(p = 0 :82, p = 0 :86) but di�er in 2021 ( p = 0 :14, p = 0 :01). The analysis is based on 891 Armenian
localities
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Figure 1.2: Pro-Russian party vote shares di�erences in memory and no memory places

Notes: The �gure shows Pro-Russian vote shares for all national elections from 2007 to 2021 for family
memory, collective remembrance, and without memory localities in Armenia. Family continuous is the
share of voters with an Ottoman-Armenian surname. Family 1/0 variable is an indicator variable of
family memory based on the initial settlement of genocide survivors. Collective 1/0 is an indicator based
on the locality name. Vote share di�erences are standardized to zero for the 2018 election (the last pre-
war election) and are conditioned on locality-year �xed e�ects and eligible voters (log). Dashed vertical
lines indicate the start of the Nagarno-Karabakh war in 2020. Vertical lines in the event study �gures
represent the 95% con�dence intervals clustered at the district level.
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Figure 1.3: Conditional mean di�erences

Notes: This �gure illustrates the balancing of covariates across three distinct periods: the pre-war
period (2011/2017), the pre-settlement period (1831-1878), and the post-war period (2021). For the
pre-war period, election results are derived from the most recent pre-war election year (2018), while the
total population (log) and the share of women are based on the 2011 Census. Data on age groups and
household size are sourced from 2017 voter lists. The local budget per capita is also reported for 2017.
In the pre-settlement period, the variables including the share of Muslims, average age, and the number
of cows and draft animals are obtained from the 1831 Russian census. The average age of death, and
the average marriage ages for women and men, are compiled from parish records from 1831 to 1878.
All variables in Panel (b) correspond to the year 2021, with war-related deaths recorded in 2020. All
variables are standardized using z-scores. Panel (a) depicts the conditional mean di�erences prior to the
2020 war, while Panel (b) shows the conditional mean di�erences following the war. Panel (c) reports
the corresponding di�erence-in-di�erences estimates. The means are conditioned on district �xed e�ects.
The Collective 1/0 variable is a dummy variable indicating collective memory localities. The \Collective
(1/0)" variable indicates localities with collective memory, whereas the \Family (1/0)" variable denotes
family memory based on the settlement. \Family continuous" variable represents the proportion of voters
with Ottoman surnames. Standard errors are clustered at the district level. Horizontal lines represent
the 95%(99%) con�dence intervals.
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Figure 1.4: Social capital and memory type

Notes: Panel (a) (Trust) shows the results of the Ologit model on survey questions (2013, 2015, 2017,
2019, 2021). The dependant variable for trust in Parliament, Government, and Court is on a 1-5 scale
where 1 indicates the lowest trust and 5 indicates the highest. The outcome indicator for trust in \Most
people" is in a 1-10 scale where 1 indicates the lowest trust and 10 indicates the highest. All trust
regressions include individual controls for age, age squared, gender, education, ethnicity, knowledge of
Russian language, and personal income, geographical controls for the distance to the Turkish border (log),
ruggedness of terrain (log) and distance to the regional capital (log), and family and collective memory
dummy indicators. Standard errors are clustered at the district level. Panel (b) (Land ownership) shows
OLS coe�cients of per capita municipal land in 2021 (km2) on family and collective memory. Panel (c)
(Social ties) shows OLS coe�cients of the entropy coe�cient in 2021 on family and collective memory.
Panels (b) and (c) include distance to the Turkish border (log), ruggedness of terrain (log), distance
to regional capital (log), share of women, share of persons aged 16-35, aged 36-60, above 60, and total
population (log). Standard errors are spatially clustered at 40km cuto� level. Horizontal lines represent
the 95% con�dence intervals.
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Figure 1.5: Schooling outcomes

Notes: The �gure shows the coe�cients of an event-study design of Russian/other foreign language grade
ratio outcome (left panel: family treatment, right panel: collective treatment). Time indicates semesters
from 2018-2019 to 2022-2023 academic years. Outcome di�erences are standardized to zero for the pre-
war semester (1st semester of 2020). Vertical intervals represent the 95% con�dence intervals (clustered
at the municipality level).
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Tables

Table 1.1: Di�erence-in-di�erences results

Pro-Russian party vote share (in %)

(1) (2) (3) (4) (5) (6)

Combined memory � Post 2020 -3.56��� -3.46���

(1.28) (0.89)

Family � Post 2020 -3.51�� -3.00��� -4.08�� -3.54��

(1.62) (1.12) (1.71) (1.44)

Collective � Post 2020 -2.26� -2.66�� -2.88�� -3.29���

(1.16) (1.12) (1.35) (1.24)

Family � Collective � Post 2020 3.06 2.93
(2.51) (2.57)

Year FE Yes Yes Yes Yes Yes Yes
Locality FE Yes Yes Yes Yes Yes Yes
Year FE � District FE No Yes No Yes No Yes
Year FE � Geography Cov. No Yes No Yes No Yes
Year FE � Pre-treat Cov. No Yes No Yes No Yes
Controls No Yes No Yes No Yes

Mean of dep. variable (2021) 33.26 33.26 33.26 33.26 33.26 33.26
Partial R2 (Combined) � 10� 3 5.22 5.69
Partial R2 (Family) � 10� 3 3.33 2.57 3.12 2.40
Partial R2 (Collective) � 10� 3 1.28 2.24 1.12 2.00
Obs 4,453 4,453 4,453 4,453 4,453 4,453

Notes: The dependent variable is the pro-Russian party vote share (in %) at the level of

891 localities from 2007 to 2021. Columns (1) and (2) show di�erence-in-di�erences esti-

mates of combined memory (either collective (1/0) or family (1/0)). Columns (3) and (4)

show the baseline di�erence-in-di�erences estimates for collective and family memory types

separately. Columns (5) and (6) add also interaction of family and collective memory treat-

ments. Post 2020 is a dummy for elections after the 2020 war. Columns (1), (3), and (5)

control for locality and year �xed e�ects. Columns (2), (4), and (6) control for district FE

interacted with year FE, pre-treatment controls interacted with year FE, geographical co-

variates interacted with year FE, and time-variant controls. Geographic controls include

ruggedness of terrain (log) and distance to the Turkish border (log). Pre-treatment covari-

ates include total population, female population share, average HH size, age group shares,

and local budget per capita. Controls include the electorate in the log. Inferences are based

on spatial (40km) clustered standard errors. � p < : 1, �� p < : 05, ��� p < : 01.
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Table 1.2: Di�erence-in-di�erences results (alternative treatment)

Pro-Russian party vote share (in %)

(1) (2) (3) (4) (5) (6)

Family (continuous ind.) � Post 2020 -0.15��� -0.11���

(0.04) (0.04)

Collective (continuous)� Post 2020 -0.06�� -0.05�� -0.06�� -0.04��

(0.03) (0.02) (0.03) (0.02)

Family (continuous HH) � Post 2020 -0.20��� -0.13���

(0.04) (0.02)

Family (newly founded) � Post 2020 -4.90� -4.61�

(2.70) (2.51)

Collective � Post 2020 -2.71�� -3.13��

(1.32) (1.26)

Year FE Yes Yes Yes Yes Yes Yes
Locality FE Yes Yes Yes Yes Yes Yes
Year FE � District FE No Yes No Yes No Yes
Year FE � Geography Cov. No Yes No Yes No Yes
Year FE � Pre-treat Cov. No Yes No Yes No Yes
Controls No Yes No Yes No Yes

Obs 4,445 4,445 4,445 4,445 4,028 4,028

Notes: The dependent variable is the pro-Russian party vote share (in %) at the level of 891 localities from 2007
to 2021. The family (continuous ind.) variable is the share of Ottoman surnames after 2020, and the family (con-
tinuous HH) variable is the share of HHs with at least one Ottoman surname at the locality level. The collective
(continuous) variable is the number of years the locality has had a collective remembrance name. Column (1)
shows the baseline di�erence-in-di�erences estimates with locality and year �xed e�ects. In columns (5)-(6), fam-
ily memory is de�ned as a dummy variable with value 1 if the locality was founded by genocide survivors after
1920. In columns (5)-(6), the localities where genocide survivors resettled but the locality was not newly founded
are excluded from the sample. Columns (2), (4), and (6) add district FE interacted with year FE, pre-treatment
controls interacted with year FE, geographical covariates (distance to Turkish border (log), ruggedness (log)) inter-
acted with year FE, and controls (electorate in the log). Pre-treatment covariates include total population, female
population share, average household size, age group shares, and local budget per capita. Inferences are based on
spatial (40km) clustered standard errors. � p < : 1, �� p < : 05, ��� p < : 01
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Table 1.3: Other voting outcomes (in %)

Turnout Nationalist Pro-European

(1) (2) (3) (4) (5) (6)

Family � Post 2020 -0.82 -0.77 -0.07 -0.11 3.58�� 3.01���

(1.01) (0.61) (0.07) (0.08) (1.60) (1.07)

Collective � Post 2020 1.48�� 1.78��� -0.07 -0.07 2.27�� 2.65��

(0.67) (0.67) (0.11) (0.14) (1.14) (1.08)

Year FE Yes Yes Yes Yes Yes Yes
Locality FE Yes Yes Yes Yes Yes Yes
Year FE � District FE No Yes No Yes No Yes
Year FE � Geography Cov. No Yes No Yes No Yes
Year FE � Pre-treat Cov. No Yes No Yes No Yes
Controls No Yes No Yes No Yes

Obs 4,453 4,448 4,453 4,448 4,453 4,448

Notes: In Columns (1)-(2) the dependent variable is turnout (in %) at the level of 891 localities
from 2007 to 2021. In Columns (3)-(4) the dependent variable is nationalist parties' vote share
(in %) at the level of 891 localities from 2007 to 2021. In Columns (5)-(6) the dependent vari-
able is pro-European parties' vote share (in %) at the level of 891 localities from 2007 to 2021.
Columns (1), (3), and (5) show the baseline di�erence-in-di�erences estimates with locality and
year �xed e�ects. Columns (2), (4), and (6) include district �xed e�ects interacted with year
�xed e�ects, geographical controls interacted with year FE, pre-treatment controls interacted
with year FE, controls (electorate in log). Pre-treatment covariates include total population,
female population share, average household size, age group shares, and local budget per capita.
Inferences are based on spatial (40km) clustered standard errors.� p < : 1, �� p < : 05, ��� p < : 01
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Table 1.4: Survey Data Probit Results

Main friend Russia Business with Russians Marriage with Russians

(1) (2) (3) (4) (5) (6)

Family � Post 2020 -0.29�� -0.41��� -0.26 -0.18 -0.03 -0.08
(0.13) (0.16) (0.18) (0.18) (0.16) (0.18)

Collective � Post 2020 0.08 0.04 -0.16 -0.16 0.26 0.27
(0.22) (0.20) (0.32) (0.35) (0.21) (0.20)

Year FE Yes Yes Yes Yes Yes Yes
Region FE Yes Yes Yes Yes Yes Yes
Controls No Yes No Yes No Yes

Obs 2,498 2,317 2,810 2,584 2,837 2,611

Notes: The table shows probit results on survey questions. In columns (1)-(2), the dependent variable is an indicator
for the main friend country being Russia. In columns (3)-(4), the dependent variable is an indicator of willingness
to do business with Russians. In columns (5)-(6), the dependent variable is an indicator of willingness to marry a
Russian. Columns (2), (4), (6) include controls for age, gender, education, ethnicity, knowledge of Russian language,
and personal income. Standard errors are clustered at the district level.� p < : 1, �� p < : 05, ��� p < : 01.
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1.A Appendix: Additional Tables and Figures

Figure 1.A.1: Years Armenian localities were renamed

Notes: The bar chart shows the frequency of Armenian locality name changes over time. The whole period
is roughly divided into four stages in which the renaming happened. Stage1 is the the early years of
communist rule, Stage2 is the after-WWII period, Stage3 is the period after Stalin's death, and Stage4
is the period following Armenian independence. Source: author's calculations based on Hakobyan et al.
(1986).
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Figure 1.A.2: Four-level system of place renaming in Soviet Armenia
Source:https://journals.openedition.org/monderusse/8604
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Figure 1.A.3: Armenian media, anti-Russian sentiments

Notes: Examples from Armenian media after the 2020 war showing the narrative around repeated Rus-
sian \betrayal" policy. Sources: top left https://www.aravot.am/2021/05/20/1192282/ top right
https://hraparak.am/post/2635f91fb155c2ee48fff6b669d5f19d , bottom https://generalnews.
am/hy/article/6b73e5f45bd3663f1eab26ccd64efd02
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Figure 1.A.4: Time series of Google search interest in \Armenian Genocide" from Armenia.

Notes: The Figure shows the number of Google searches from Armenia. The maximum frequency is set
to 100, and the rest of the frequencies are adjusted proportionally. Original Google trend �gures are
replaced with a 10-week moving average. The red dashed line indicates the �rst week after the war ended
on November 9, 2020. Horizontal lines indicate before and after November 9, 2020 averages.
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Figure 1.A.5: Main friend country of Armenia
Notes: Survey results from Caucasus Barometer data to the following question: \In
your opinion, which country is currently the main friend of Armenia?". Source:https:
//www.crrc.am/barometer/
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Figure 1.A.6: Invalid vote share over time and by memory type

Notes: The left �gure shows the OLS regression coe�cient of memory types (family and collective) inter-
acted with year �xed e�ects, where 2017 (the last pre-revolution year) is the reference year for invalid
vote share outcome. The right-hand panel shows the OLS regression coe�cient of individual years with
respect to 2017. Standard errors are robust. Vertical lines show 95% con�dence intervals.
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Figure 1.A.7: Signed list of voters, sample

Notes: Notes: A sample page from voters' signed lists. It contains the name, surname, father's name, date of
birth, address of each voter, and the signature of those who voted. Source:https://www.elections.am/
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Figure 1.A.8: Classi�cation of voter surnames

Notes: Figure presents summary statistics for Ottoman Armenian surnames within the dataset. Panel (a)
shows a count of 16,909 unique Armenian surnames in the 2021 voters list, of which 2,209 are classi�ed
as Ottoman Armenian, comprising approximately 12% of the dataset. Panel (b) depicts voter counts,
with a total of 1,725,394 voters, including 780,019 voters with Ottoman Armenian surnames, representing
45% of the total. Panel (c) displays the distribution of Ottoman surname shares across localities, with
a minimum value of 0.80%, a mean of 44.88% (standard deviation = 10.85), and a maximum value of
82.64%.

50




	Acknowledgements
	Abstract
	General introduction
	Collective vs. Family Remembrance: Evidence from Two Russian ``Betrayal'' Policies
	Introduction
	Historical Background
	The First Russian ``Betrayal'' Policy and its Consequences in the Early 20th Century
	The Second Russian ``Betrayal'' Policy in the 21st Century
	Historical Parallels

	Data and Treatment Definition
	Data
	Treatment Definition

	Identification Strategy
	The Main Empirical Model
	Identification Assumptions

	Results
	Robustness
	Alternative Definitions of Memory
	Sorting
	Matching
	Timing of Treatment
	Party classification

	Mechanism
	Other Voting Outcomes
	Social Capital
	Movers
	The Context of Recall
	Strategic Campaigning
	Other Measures of Anti-Russian Sentiments
	Heterogeneity
	Russian and US Ties

	Conclusion
	Appendix: Additional Tables and Figures
	Appendix: Data Sources and Definitions
	Election Data
	Pre-1915 Data
	Modern Socio-Economic Variables
	Caucasus Barometer Survey
	Schooling Data
	Geographic Data
	Gender after War: Casualties, Nation Building, and Victimization after the Collapse of the Habsburg Empire
	Introduction
	Institutional and Political Background
	World War I and the First Austrian Republic
	Unique Vote Counting by Gender
	Politics in Interwar Austria

	Data and Descriptives
	WWI Casualty and Fatality Rates
	Election Results (by Gender)
	Further Variables

	Voting Patterns and its Drivers 
	War-affectedness and the Gender Gap
	Empirical Model and Identification
	Results
	(Pseudo)Differences-in-Difference
	Robustness and Sensitivity Analysis

	Mechanism
	Treatment Heterogeneity
	Effects of Local Characteristics

	Conclusion
	Appendix: Data Sources, Coding and Access Modality
	WWI Casualty Rates
	Election Data (by Gender)
	Further Data
	Appendix: Additional Figures and Tables
	Additional Figures
	Additional Tables
	Geographic Mortality Differentials and the Quality-Quantity Trade-Off
	Introduction
	Setting
	Data 
	Empirical Strategy and Results
	Altitude and Agricultural Specialization
	Altitude and Life Expectancy
	Altitude and the Quality-Quantity Trade-Off
	Robustness

	Conclusion
	Appendix: Additional Results
	Summary Statistics
	Differential Missing Data
	Results under OLS
	Appendix: Using the ABCC Index as Outcome Variable 
	Appendix: Robustness Checks for Mortality Analysis 
	Migration 
	Appendix: Data 










